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Abstract. This study examines the gender wage gap in Italy using three waves of ISFOL PLUS data
(2016, 2018, 2021). Applying the Oaxaca-Blinder decomposition to full-time employees aged 18-64
(N = 22,830), we find that while the overall gap narrowed from 14.6% to 7.2%, the unexplained com-
ponent grew from 61.6% to 68.5%, indicating discriminatory dynamics intensified even as observable
characteristics converged. Quantile regression reveals coexisting sticky-floor and glass-ceiling effects.
Propensity score matching confirms a residual penalty of =9%.

Keywords. Gender wage gap, Oaxaca-Blinder decomposition, quantile regression, wage discrimina-
tion, Italy

1 Context and motivation

Italy ranks 87th out of 146 countries in the WEF Global Gender Gap Index [World Economic Forum,
2025], underscoring persistent labour market challenges [National Institute of Statistics (ISTAT), 2021].
A "diversity paradox" persists: regulatory progress has not translated into pay equity - structural barriers
such as sectoral segregation and disproportionate caregiving continue alongside discriminatory wage-
setting. Italy’s low female employment rate, among the lowest in the EU, implies strong selection effects:
the modest observed gap among employed women likely understates true gender inequality.

ISFOL PLUS is used because the survey captures detailed worker characteristics, firm attributes, and
household structure across three waves spanning the COVID-19 period, enabling a unique assessment of
pandemic effects on the gender wage gap. The analysis addresses four research questions: (i) how did the
gender wage gap evolve over 2016-2021; (ii) how much of the gap is explained versus unexplained; (iii)
does the gap vary across the wage distribution; and (iv) did COVID-19 reshape gender wage dynamics.

2 Data and methods

The analysis uses microdata from the ISFOL PLUS survey, waves 2016, 2018 and 2021, targeting full-
time salaried employees aged 18-64. The dependent variable is the natural logarithm of hourly wages,
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winsorized at the 1st and 99th percentiles. Controls include education, age squared, region (five macro-
areas), occupation (ISCO 1-digit), firm size, marital status, presence of children, and self-reported health.

Table 1: Sample composition by wave

Year Males Females  Total

2016 23,241 29,278 52,519
2018 20,353 24,647 45,000
2021 19,229 27,053 46,282

Final sample 13,361 9,469 22,830

The final sample (22,830 workers, 61.6% of full-time employees after listwise deletion) underlies
four analytical steps. (1) OLS wage equations are estimated separately for men and women, controlling
for education, age, region, occupation, firm size, marital status, children, and health. (2) The Oaxaca-
Blinder decomposition [Oaxaca, 1973, Blinder, 1973] separates the mean gender wage gap into an en-
dowment (explained) component, attributable to differences in observable characteristics, and a coeffi-
cient (unexplained) component, capturing unequal returns to identical characteristics and interpreted as
discrimination or unmeasured factors, following the decomposition framework reviewed in Fortin et al.
[2011]. (3) Quantile regression at T = 0.10,0.25,0.50,0.75,0.90 identifies sticky-floor and glass-ceiling
effects. (4) Robustness checks include propensity score matching (8,974 matched pairs), Tobit mod-
els for wage censoring, outlier trimming at the 5th-95th percentiles, and regional sub-samples (North,
Centre, South).

3 Results

3.1 Gender wage gap trend

The raw gender wage gap among full-time workers fell from 14.6% in 2016 to 9.4% in 2018 and to 7.2%
in 2021 - a 51% total reduction over five years. This decline reflects convergence in observable charac-
teristics rather than more equitable wage-setting: pandemic effects on the gap were non-monotonic, and
female educational attainment and occupational upgrading explain most of the endowment improvement,
but these gains were not matched by proportional wage increases.

3.2 Qaxaca-Blinder decomposition

Table 2: Oaxaca-Blinder decomposition of the gender wage gap, 2016-2021 (% of total gap)

Component 2016 2018 2021

Coefficient (unexplained)  61.6 48.8 68.5
Endowment (explained) 312 414 288
Interaction 7.2 9.8 2.7

Total raw gap 14.6% 94% 7.2%

The unexplained share rose from 61.6% in 2016 to 68.5% in 2021 despite the total gap narrowing
- a paradox of shallow progress: women improved their observable endowments, but the labour market
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failed to reward those gains equally. As observable characteristics converge, any remaining differential
increasingly reflects unequal treatment rather than differences in qualifications.

3.3 Distributional evidence

Quantile regression estimates (T = 0.10,0.25,0.50,0.75,0.90) reveal a U-shaped pattern across the wage
distribution: the gap peaks at 7.5% at the 10th percentile, compresses to 5.2% at the 25th and 3.8% at
the median, then rebounds to 4.1% at the 75th percentile and 4.4% at the 90th percentile. This pattern
is consistent with the coexistence of sticky-floor and glass-ceiling effects documented in the Italian and
international literature [Addabbo and Favaro, 2011, Fortin et al., 2011]: women concentrated in low-
paid, precarious jobs face a wage floor, while women at the top of the distribution encounter barriers to
promotion and to the highest-return positions. This dual pattern requires distinct policy responses at both
ends of the distribution.

3.4 Robustness: propensity score matching

Table 3: Robustness checks: alternative estimates of the gender wage penalty

Method Estimate  Std. Err.
OLS (pooled) 0.0720 0.0031
PSM - ATE (8,974 pairs)  0.0865 0.0044
Tobit (censored) 0.0781 0.0038

Male and female workers matched on all observable characteristics (8,974 pairs) yield a PSM esti-
mate (=9%) that exceeds the pooled OLS estimate, confirming a residual penalty beyond observables;
OLS underestimates the gap due to selection into employment.

3.5 Kaey findings

Regional convergence is evident: Southern penalties fell from —18.1% to —5.9%, although unexplained
gaps remain larger in the South. Age-earnings profiles compressed sharply, with the 25-29 premium
falling from 43.5% to 10.7%, reflecting precarious early-career conditions post-pandemic, while the
large-firm premium contracted from 20.9% to 9.1%, likely COVID-19-driven. In 2021, health effects
turned negative (—32% to —38%), reflecting pandemic-related selection rather than causal mechanisms,
and motherhood-related patterns suggest that inequality operates primarily through employment margins
rather than wages alone. Overall, women’s educational gains did not translate into proportional wage
increases - a qualification-reward gap.

4 Conclusions and policy implications

The overall gender wage gap in Italy narrowed from 14.6% to 7.2% between 2016 and 2021, yet the
unexplained component increased from 61.6% to 68.5%. Women improved their qualifications, but the
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labour market did not reward them equally: this is shallow progress, in which the surface improves while
the underlying mechanisms of inequality persist and even intensify. Policies focused on women’s creden-
tials alone are therefore insufficient, since the qualification gap is already closing. Structural interven-
tions are required: pay transparency legislation targeting discriminatory wage-setting (ahead of the EU
Directive’s 2026 deadline); flexible work arrangements for both genders, with expanded childcare and
gender-neutral parental leave; measures to reduce occupational segregation and dismantle glass ceilings
in high-wage occupations and large firms; South-specific interventions where unexplained gaps persist;
and longitudinal data to support causal inference and firm-level decompositions of wage trajectories.
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